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Abstract  For lacking of fault sanples it is very difficult to detect the faults of a Liquid Rocket Engine ( LRE) wmr
bopum p and m ake decision hased on meanplete mfomation To solve this problan, av-support vectorm ach ine novelly detec-
tion modelwas founded Taking nto account of the relationship betv een decision boundary support veclors and constraints a
training algorithm based on SequentialM nimalOptin zation ( MO) was ntroduced and improved for One-C lass Support V ec-
torM achmes (OCSYM ). W ith the analysis of LRE historical test data it showed that MO algorithm mproves the traming ef
ficiency evidently and enables the model 1o dealw ith large training data And thismodel raned by MO can detect the faults
of the LRE twuihopunp well
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Fig.3 Frequency band energy ratio r
of TO1 in faulty condition
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