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Turbojetmodeling and sinulation in wind m illing based on ANFIS
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Abstract The deficiency of weak generalization ability in the case of snall sanple size has restricted neural nework’ s
application m modelng of w ndm illng Based on ten sanples experimental data ofw ndm illing a neural netvork’ smodel of
wind m illng is built By mcorporating priori know ledge of dynan ic and static state of rotor sm ilar param eters and the rela-
tionship betv een residual power and acceleration the train ing sanples nunbers can be decreased step by step Fnally a neu-
ral netvork model of w ind m illing which has a good generalization ability can be set up n the case of just one training sam-

ple The incomporation of priori know ledge greatly mproves neural nework’ s generalization ability Results of the sinulation

prove that the method is smple and effective
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Fig 1 Curve of total pressure in w ind m illing
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Acceleration of rolor in the wind milling process
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Fig 2 Camparison sinulation result of
network A with experinental dafum
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Acceleration of rolor in the wind milling process
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Fig 3 Camparison between smulation result of

network B and experimental datum
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Speed of rotor in wind milling process
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Fig 4 Canparison between simulation result

of network B and experimental data
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Fig. 5 Camparison between sinulation result
of network C and experinental data
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Table 2 Canparison of generalization ability
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