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Abstract:

rameters current system MTBF and failure intensity of synchronous time and failure truncated of K

Taking the noninformative prior distribution the Bayesian point and interval estimations for the pa-

. independent, i-

dentical power law process, i.e. AMSA A-BISE model were presented. The comparison of the Bayesian results and the

classical results was given. And these methods were illustrated with reliability calculation of two engines.

Subject terms:  Engine failure: Fail safety design:
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